Effective and simple screening tools are needed to detect behaviors that are established early in life and have a significant influence on weight gain later in life. Crowdsourcing could be a novel and potentially useful tool to assess childhood predictors of adult obesity. This exploratory study examined whether crowdsourcing could generate well-documented predictors in obesity research and, moreover, whether new directions for future research could be uncovered. Participants were recruited through social media to a question-generation website, on which they answered questions and were able to pose new questions that they thought could predict obesity. During the two weeks of data collection, 532 participants (62% female; age = 26.566.7; BMI = 29.067.0) registered on the website and suggested a total of 56 unique questions. Nineteen of these questions correlated with body mass index (BMI) and covered several themes identified by prior research, such as parenting styles and healthy lifestyle. More importantly, participants were able to identify potential determinants that were related to a lower BMI, but have not been the subject of extensive research, such as parents packing their children's lunch to school or talking to them about nutrition. The findings indicate that crowdsourcing can reproduce already existing hypotheses and also generate ideas that are less well documented. The crowdsourced predictors discovered in this study emphasize the importance of family interventions to fight obesity. The questions generated by participants also suggest new ways to express known predictors.
Introduction
The continuous rise in the prevalence of obesity is evident throughout the world [1] [2] [3] . In the United States in 2010, the rate of obesity was 16.9% among children and adolescents [4] and 35 .7% among adults [2] . Globally, the prevalence of obesity was 9.8% in men and 13.8% in women in 2008 and estimated to be increasing in most regions of the world [3] . Alarmingly, weightrelated health problems such as diabetes and cardiovascular diseases, which formerly have not emerged until adulthood, are now being diagnosed in children [5, 6] . As the rate of pediatric obesity increases and has long lasting effects during adolescence and adulthood, childhood is the crucial time for prevention.
In the past decades, a multitude of factors that play an important role in the development of obesity have been examined by means of various research methods and designs. The majority of studies can be classified as expert driven; that is, experts or professionals test hypotheses by posing (validated) questions that are often based on existing literature within their domain. However, it is possible that there are determinants which experts have left untouched. The current study presents 'crowdsourcing' as an innovative bottom-up approach to detect possible unexpected or new predictors of obesity by using the knowledge of the general (non-expert) public.
Web-based crowdsourcing is a rather anonymous, fast, and inexpensive method to generate new hypotheses and discover unexpected issues which might have been overlooked by professionals [7] . A recent study suggests that causal factors of behavioral outcomes can be discovered by means of crowdsourcing, for example, people's body mass index [8] . To date, the generation of new insights and ideas through crowdsourcing has been under increasing attention for commercial use [9, 10] . Research has shown that a crowdsourcing process can generate more novel ideas than professionals [10] . In the present study, the process of crowdsourcing to discover (new) childhood predictors of obesity happened as follows. Participants were recruited through social media to a website on which they were asked to provide their current weight and height and answer questions about their experiences and behaviors during their childhood that could be predictive of their current body mass index (BMI). Notably, after answering the questions the participants were the ones who created new questions that were then answered by other participants. The web site predicted their BMI based on the growing data set. Hence, investigating possible early markers for obesity was outsourced to a non-expert community. Collectively, these non-experts could uncover already identified as well as unexpected childhood determinants of obesity [8] .
Understanding the early causes of weight gain has been the focus of a vast amount of research and many determinants of overweight and obesity have been identified [11, 12] . Few studies have been conducted by means of recalled childhood determinants of later adult weight status. As parents play an important role in shaping children's food habits, previous recall studies have shown a particular relation between adult eating habits and parenting and feeding styles experienced during childhood; that is, rules which restrict or encourage food intake, or rules where food is used to reward or punish behavior [13] [14] [15] [16] . Although longitudinal research is warranted, evidence exists that parental feeding styles such as a restrictive feeding style or controlling what, when, and how much the children eat (i.e., authoritarian/demanding or adult-controlled feeding style) are related to higher BMI later on [17] . It is argued that the amount and style at which parents exert power over their children have an influence on the children's selfcontrol [14] . The parenting style in which parents use a cooperative feeding style and share the responsibility of food intake with their children (i.e., authoritative/responsive style) has been recommended [18] . In addition, general parenting styles in which parents are uninvolved and low in warmth and caring, or low in structure and support are associated to a higher weight later on in life [14, 19] .
Dietary intake and physical inactivity have been identified as the two major contributing lifestyle factors to overweight and obesity [20] . For example, correlational as well as longitudinal studies have shown that skipping breakfast, consumption of non-home cooked meals, an increased soda consumption and high-fat food intake are related to overweight and obesity [20] [21] [22] [23] [24] [25] . Watching television (TV) or playing computer games have been shown to contribute to physical inactivity and increased sedentary behavior [26] [27] [28] . An additional predictor for a (un)healthy lifestyle that is associated with an increased weight is a shortage of hours of sleep [29] .
The built environment has also been found to contribute to people's physical activity and dietary patterns. For instance, pavements or access to recreational facilitates have been associated with a higher level of children's physical activity whereas the local food environment (e.g., convenience store or (fast-food) restaurant density) has an impact on people's food intake [30, 31] . Nevertheless, the social and built environment where people grow up in is largely dependent on their socioeconomic status (SES) and educational level [22, 32] . A lower SES and educational level during childhood has been consistently found to be related to a higher BMI later on in life [33, 34] . As energy-dense foods are relatively low in cost, low-income households are more likely to have low quality diets (e.g., low fruit and vegetables consumption) [34] .
Furthermore, several studies have examined the effect of psychosocial factors on the origin of overweight and obesity. For example, low social acceptability and low psychological well-being (e.g., negative emotions [33] , low self-esteem [35] , and depression [36, 37] ) have been found to contribute to a higher BMI later on in life. Finally, although behavioral and environmental factors have been shown to determine overweight and obesity, biological factors should not be discarded as literature has shown a child to adult adiposity relationship and biological predispositions to weight gain [33, 38] The research mentioned above only provides a brief summary of what might potentially be regarded as the most obvious childhood predictors of obesity by the participants in the crowdsourcing process. As there is a need for effective and simple screening tools for evaluating overall lifestyle quality and associating it with obesity development, the present study had two goals. The first goal was to examine whether it is possible for a non-expert community to identify known childhood predictors of obesity, using a crowdsourcing process. The second and more important goal was to find out whether crowdsourcing can be used as a low-effort method to discover potential new childhood determinants of adult obesity. In summary, the study explored the feasibility of crowdsourcing as a method to assess determinants of obesity.
Methods

Ethics Statement
The study was approved by the Institutional Review Board of the University of Vermont. All participants received information about the study and study procedures upon entering the crowdsourcing website, after which they were required to give their informed consent online before entering the study.
Crowdsourcing Procedure Figure 1 illustrates the crowdsourcing process. Participants were recruited ( Figure 1a ) through posted notices on reddit.com, which is a user-generated content news site. Notices were posted on specific sections focused on dieting (www.reddit.com/r/keto), weight loss (www.reddit.com/r/loseit), and parenting (www. reddit.com/r/parenting). Reddit.com and the specific sections were chosen as the initial recruitment channel because the users could be expected to be interested and motivated in participating in a study that might help them improve their lifestyle and that involves user-generated questions.
The website that was used in this study for crowdsourcing was based on a prior experiment [8] and modified to collect crowdsuggested childhood predictors of adult BMI. As seen in Figure 2 , participants who visited the site were at first asked to input their age, gender, weight, height, and birth country as background information (Figure 1b) . The participants could choose whether to fill in their weight and height in kilograms and centimeters or pounds and inches. After entering this information, they were directed to answer questions found on the site (Figure 1c) . Within the survey, a participant's actual BMI was displayed alongside their predicted BMI, which was updated each time the participant answered a question. The participant's actual and predicted BMI were superimposed over a histogram which displayed the distribution of all participants' BMIs (see Figure 3) . Predicted BMI was calculated by performing linear regression on all of the questions and responses provided by previous visitors to the site, supplying the current subset of responses provided by the current user to the resulting model, and displaying the prediction of the linear model on the website as`predicted BMI'. The site was initialized by 'seeding' it with questions that the investigators expected would correlate with BMI. These seed questions were: ''When I was a child, I was bullied'', ''When you were a child, did you own a bike?'', and ''When you were a child, how many times a week did you eat at a fast food restaurant?'' At any time, users could pose their own questions (Figure 1d -e). As shown in Figure 4 , the site allowed users to pose questions with three types of responses: yes/no, a disagree/agree rating on a 1-7
Likert scale, or a number. The users were provided with a suggestion for how to begin the question (''when you were a child…'') in order to constrain them to asking questions about childhood behavior. Questions posed by users were sent to be approved by the moderator and added to the website if deemed suitable. A question was determined to be unsuitable if it met one or more of the following exclusion criteria: the user self-identified themselves (e.g., ''I'm John Smith and would like to know if…''); the user posed a question likely to be nearly perfectly correlated with BMI (e.g., ''What is your BMI?''); the user posed a question with offensive language; or the user posed a question likely to upset other users. Once a question was approved by the moderator, the question would immediately be added into the survey, after which it would be seen by subsequent users visiting the site.
Data were collected during a pre-defined period of two weeks: from 8 -23 November 2012. There was no predetermined target sample size because the survey was voluntary and it was not possible to predict how many people would participate or how many questions and answers the crowd would generate. Nevertheless, rough indicators of expected sample size can be collected from prior work. Previous studies on crowdsourcing in relation to residential electric energy consumption and body mass index instantiation have had relatively small sample sizes (N = 58 and N = 64) with a recruitment period of 6 days up to 3 months, respectively [8] . Another example is a crowdsourcing contest for sustainable design which had a larger sample size (N = 1,233) with submitted 605 designs and 3,594 evaluations of these designs over two months [39] . For the current explorative study, a fixed time period of two weeks was set beforehand and the final sample size was the number of people who participated during this period.
Questions and answers that had been generated by the participants during the two weeks were extracted from the website for analysis. Visitors who gave their background information but did not provide any responses to questions or whose BMI data was missing were excluded from analyses. Categorization of crowd-generated questions. The questions that were generated by the participants were placed into several pre-defined top-level categories (e.g., parenting (feeding) style, healthy lifestyle, home environment, and psychosocial well-being) based on existing research or using a keyword appearance approach. If possible, top-level category questions were further divided into second-level categories. Questions were placed into the 'healthy lifestyle' category if they were related to topics identified in research such as diet, physical activity, sleep, watching TV, dental care, or contained the words 'eat', 'drink', any references to specific food products (e.g.`skim milk'), or the noun or verb forms of`sleep' or 'TV' [11, 21, 28, 29] .
Measures
A question was placed into the category`home environment' and further categorized as 'socioeconomic status,' 'parental feeding style,' 'parental dieting' or 'parenting style' if it resembled topics that were identified by existing research (e.g., Child Feeding Questionnaire (CFQ) [40] , Dutch Eating Behavior Questionnaire for Children (DEBQ-C) [41] or parental dieting or encouragement [42] ) and/or contained the noun or verb form of the words 'poverty,' 'punish' or 'reward', or the word 'parent', 'parents', 'mother' or 'father' [16, 18, 19, 32, 43] . The remaining questions were categorized by concepts or words that were related to the built environment [30, 31] , psychosocial well-being [35, 44] , and familial and biological factors [45] . Questions that were ambiguous were ultimately placed in categories based on authors' intuition. We acknowledge that several questions could be categorized differently (e.g., growing own food might be a marker of a healthy lifestyle or socioeconomic status).
Strategy of analysis
Participants were divided into weight categories (underweight, normal-weight, overweight, obese) based on their BMI. The characteristics of participants were described by computing the mean for continuous variables (age, BMI) and proportions for categorical variables (gender, birth country).
Associations between the crowd-generated questions and BMI were assessed by calculating correlations between participants' BMIs and their answers to the questions. Spearman correlations were calculated for categorical variables (no/yes questions) and Pearson correlations for ordinal (disagree/agree scale) and numerical questions. Second, crowd-generated questions were placed into the pre-defined categories and compared with existing literature in order to assess their degree of novelty in comparison to existing constructs or operationalizations of potential predictors of obesity. Finally, questions which were significantly associated with participants' BMI and assessed to be less well documented in research were correlated with other significant crowd-generated correlates of BMI to explore how they were interrelated. The purpose was to identify behaviors or factors that might co-occur and together give indications of what could explain differences in BMI. The three strongest and the two weakest correlating questions were explored in this manner.
Additional analyses were performed to explore possible interrelationships among conceptually related items and to clarify the relative importance of various correlates. Data was scaled by both the mean and standard deviation. Multivariate analysis was performed using linear regression and exploratory factor analyses. Questions with more than 50% missing values were excluded from the multivariate analysis. The resulting subset consisted of the first 15 questions for all of the 556 participants. The remaining missing values within this subset were filled using multiple imputation [46] . An aggregate linear model was produced from the 10 imputed datasets [47] . Exploratory factor analysis was performed on the first 15 questions with mean-filled missing values. A scree plot analysis and the Kaiser criterion were used as guidelines for the range of factors to investigate. Interpretability criteria were that at least 3 items had significant loadings (..30) and that the variables that loaded on a factor shared conceptual meaning. In addition, the variables that loaded on different factors had to measure different constructs with higher loadings on one factor than the other.
Results
The website attracted 556 visitors who provided their background information. After excluding visitors with missing BMI data (n = 3, shown in Figure 2 ) or responses to questions (n = 21), the final sample consisted of 532 participants. The mean BMI of the final sample was 29.0, mean age was 26.5 years, 62% were female, and the majority (73%) had been born in the United States. Table 1 presents the characteristics of participants.
In addition to the three 'seed questions' supplied by the researchers, 35 (7%) of the participants proposed in total 56 new questions. In total, participants provided 10,858 responses to the 59 questions. Out of the total 59 questions that were posed by the participants and seeded by the researchers, 16 questions were significantly correlated (p ,.05) and 3 questions were marginally correlated (p ,.10) with BMI (see Appendix S1 for a list of all questions and their correlations with participant BMI). Table 2 presents a list of questions that were significantly related to BMI in the order of magnitude of the correlations. It shows that whether someone packed their child a lunch for school, whether meals were prepared with fresh ingredients, whether parents talked about nutrition, and whether the child engaged with their family in regular outdoor activities were strongly related to having a lower BMI later on in life. Family history (e.g., weight of parents and grandparents) and whether food was used as a punishment were related to a higher BMI later on in life. The two weakest significant predictors appeared to be the child preparing his/her own meals more often than parents and being bullied.
Crowd-generated questions
The significant and insignificant correlates are shown in Table  3 under the pre-defined categories of home environment, psychosocial well-being, healthy lifestyle, and family history and biological factors. The categories with the largest number of questions were home environment and healthy lifestyle. The participants identified predictors which are related to a healthy lifestyle such as dietary intake (e.g., whether the family primarily prepared meals using fresh ingredients, r s = -3.16, p ,.001, and whether children drank juice or soda instead of water, r s = .17, p = .001), physical activity with the family (r s = -.23, p = .008), hours of sleep (r = -1.17, p = .034) and dental care (r = .18, p = .081). Participants also came up with constructs that are topics of attention in research but were not significantly correlated, such as playing outdoors, television watching and several dietary questions related to eating at (fast food) restaurants or at home, (midnight) snacks (p ..10).
Using food to reward (r s = .14, p = .005) or punish (r s = .22, p = .021) behavior as well as restricting food intake (r s = .16, p = .02) were associated with a higher BMI. Parents talking about nutrition was associated with a lower BMI (r s = -.31, p = .001) as well as having someone pack the child's school lunch (r s = -.345, p ,.001). Interestingly, a well-documented construct about whether children were encouraged to clean their plate was not correlated significantly with BMI among this sample, and neither were several other questions related to restriction (p ..10).
Apart from lifestyle and the home environment, predictors that influenced participants higher or lower BMI were related to their psychosocial well-being, such as being bullied (r s = .128, p = .009) and having friends (r s = -.168, p = .07), respectively. In addition, the weight of ancestors were positively correlated to participant's BMI later on in life but not birth weight or being born prematurely (p ..10). Questions related to the built environment were scarce and they were not correlated to participant's BMI (p . .10). ''Being bullied'' (q1) was the only seed question posed by the researchers that was significantly correlated.
Interrelated constructs
Ten of the questions could be viewed as either new or underresearched operationalization of an existing constructs or as a novel new potential predictors of obesity. Interestingly, three of the strongest predictors (see q53, q34, and q59 in Table 2 ) appeared to be the constructs that were also less well documented by research. Therefore, these were closely examined to determine which other significant predictors were correlated with them to identify cooccurring factors. Additionally, the two weakest (significant) predictors were explored (i.e., preparing own meals more often than parents and being bullied). Table 4 presents the correlations between questions. Interestingly, the constructs in which parents 'pack lunch,' 'prepare meals using fresh ingredients,' and 'talk about nutrition' all show positive correlations in relation to parenting style and a healthy diet and lifestyle (e.g., outdoor activities and sleep). These constructs might indicate a supportive home environment. Talking about nutrition was also correlated with restrictive parenting which might be related to talking about food while restricting children to food. Notably, preparing meals more often than parents showed negative correlations within parenting style and a healthy diet and lifestyle. It also showed a positive correlation with socioeconomic status (poverty). This indicates that children who prepared their own meals also lived in poverty, had a less healthy lifestyle, and had less support from parents. Not surprisingly, people who were bullied had fewer friends. They also engaged in outdoor activities with their family less often. In addition, being bullied was positively correlated to socioeconomic status and obese parents.
Additional analysis
As the correlations presented in the above showed possible interrelationships between variables, additional multivariate analysis was performed to further explore whether variables were generated from a common underlying construct by means of linear regression and explanatory factor analysis. However, not all participants answered each question due to the crowdsourcing design (i.e., new questions could be created throughout the crowdsourcing process while members were not returning to answer those questions). A linear model using 10 imputed datasets containing all participants' answers to the first 15 questions showed that the four questions which were significantly associated to higher BMI's were related to home environment (q4, parents' obesity (b = 2.02, p = .011) and q5, living in poverty (b = 2.25, p = .018)) and diet and parenting style (q7, parents restricting child's food intake (b = 2.48, p = .006) and q12, drinking juice/ soda more often than water (b = .47, p = .009)). All four questions contributed to higher BMIs with positive coefficients. Hence, both food and non-food related questions were significant predictors of adult BMI in this model.
Additionally, exploratory factor analyses on the first 15 questions were performed using 2 to 4 factors. Different factor solutions were examined because the scree plot analysis indicated the inclusion of 2 factors whereas the Kaiser criterion suggested 6 factors. In each analysis, the food and non-food related questions grouped together while leaving out questions q2, q4, q7, q8 and q13. More specifically, questions q5 and q12 which emerged as significant predictors in the regression analysis loaded on different factors in each factor analysis. This means that the concepts which were significantly associated with a higher BMI (having obese parents (q4), parental restriction of food (q7), living in poverty (q5), and drinking juice/soda more than water (q12)) were not interrelated and measured by a similar underlying construct within the first 15 questions.
The first factor in each factor analysis had the largest weight on the question q3 (eating often at a fast food restaurant): the factor loadings on q3 for the 2 to 4 factor analyses were.52,.98, and.96, respectively. Moreover, the question q3 was not related to any other questions in the 3 and 4 factor analyses. Other non-food related interrelationships were also revealed in the 3 and 4 factor analyses. The question q5 (living in poverty) had a large weight (.52 and.59, respectively) and was grouped together with questions q9 (being involved in sports) and q11 (parents having a healthy relationship). Food related questions that grouped together in the 2 Parents frequently asking what you were eating (q31) * (-) Someone packing a lunch for you to take to school (q53)
Sugary foods being special treat rather than in regular diet (q46) * (-) Times per week for bringing your lunch to school (q19)
Parental dieting (+) Household serving reduced-fat alternatives to traditional foods (q25) (marginally significant)
Mother being constantly on a diet (q21)
Amount of exercise parents a week (q38)
Weight/body image being a topic of conversation or concern to the adults in your life (q26) Having a meal while watching television (q56)
Dental Care * (-) Age of first tooth filling (q47) (marginally significant)
Built environment
Fast food restaurant within walking distance/a short bike ride (q49) factor analysis were q6 (food used as a reward), q10 (eating late at night), q12 (drinking more juice/soda than water) and q15 (eating between meals). In the 3 and 4 factor analyses two questions remained grouped together: q6 (food used as a reward) and q12 (drinking more juice/soda than water). The proportion of variation explained by the various factors was less than 8% for any individual factor. The chi-square goodness of fit test statistics improved when more factors were added (i.e., 2 factor model: x 2 = 170.98, df = 89, p = 4.06e-07; 3 factor model x 2 = 116.41, df = 75, p = .002; 4 factor model x 2 = 91.11, df = 62, p = .01); however, the p-value did not exceed.05. This indicates that adult BMI is to be explained by additional and other constructs.
Discussion
This paper explored the potential of crowdsourcing as a screening tool to evaluate whether the general public could identify early predictors that are associated with obesity development. Findings showed that participants were able to suggest various determinants that have been studied by professionals. However, some determinants that were extensively addressed by professionals were not associated with BMI among this sample. Most importantly, participants suggested potential predictors that are less well-documented in the literature, and that may suggest new directions for future research. The questions which were created by the public through the crowdsourcing process covered numerous well-documented research areas. For example, although a well-known familial (or biological) factor of childhood obesity is parental weight [33, 38] which also came up in the crowd-suggested predictors, a more interesting finding is that one of the suggested questions was specifically about obesity of the maternal grandmother. This is possibly due to the fact that mothers were seen as the primary caregivers in the traditional families. In addition, the participants identified many other conventional predictors which are related to a healthy lifestyle such as specific topics related to dietary intake (e.g., milk, soda, snacking), physical activity (e.g., playing outdoors), hours of sleep, and television watching [11, 22, 28, 29] . Interestingly, two specific dimensions came up that might need more attention; that is, whether the family primarily prepared meals using fresh ingredients and whether children drank juice or soda instead of water. Although it has been shown that soda consumption is related to overweight [21] , the specific way the question is asked by comparison to water drinking frequency might be more diagnostic.
In line with other recall studies of early markers for obesity [13, 14] , questions concerning parental feeding style were associated to participant's BMI. For example, using food to reward or punish behavior as well as a restrictive or controlling feeding style were associated with a higher BMI, however some related questions did not show significant associations. Other studies show that children whose parents engage in restrictive parent-child feeding practices (e.g., pressure to clean their plate) are more inclined to become overweight or obese [16, 40, 43] whereas a warm parenting style might be protective of health [19] .
The positive influence of a supportive parenting style may be indicated by the lower BMI associated with having parents talk about nutrition and packing school lunches for their children. In addition, these two questions were related to other constructs that resembled a healthy lifestyle (e.g., use of fresh ingredients, outdoor activity with family, more sleep, drinking water rather than soda). It is possible that parents who talk about nutrition in an educational manner have a more positive impact on their children's weight development than parents who talk about nutrition in the context of dieting and body image. Research has shown that mother being on a diet and maternal encouragement to be thin lead to a negative body image and restrained eating in young children [42] . In line with this tentative reasoning, it might be that parents who packed their children's school lunch, talked about nutrition and were involved in family outdoor activities, practiced an involved, caring or supportive parenting style instead of a controlling style. Although school lunch participation and the healthiness of school lunches are currently under scrutiny [48] , it appears that only one longitudinal study in the past has tracked school lunch participation and its association with obesity [49] . Hence, more research is needed to examine the underlying reasons of why parents pack children's school lunches and whether there is a possible relation with BMI. Lunch packed by parents might be a protective factor for various reasons, possibly including supportive parenting style, healthiness of the lunch itself, and social environment at school, although it could also be indicative of socioeconomic status.
In line with what was mentioned in the above, people who had to prepare their own meals as a child more often than their parents did, had a higher BMI later on in life. Again, this question is likely to be related to a variety of other influential factors including parenting style, lifestyle and SES, as this question was related to poverty, less fresh vegetables in meal preparation, less family outdoor activities and less packed lunches to school. Speculatively, children whose parents were absent might have grown up in an unsupportive environment in which fresh produce was too expensive. Future research and intervention programs might profit from a more multidisciplinary approach by not focusing on either SES or parenting style but a combination as this might be related to a healthier lifestyle.
Apart from home environment, healthy lifestyle and family history, predictors of adult BMI were related to psychosocial wellbeing such as being bullied or having friends. Previous research has shown psychosocial and weight-related consequences of people's social status; that is, bullying and peer rejection have been associated to a lower psychological well-being and a higher BMI [44, 50] . Longitudinal research is warranted to investigate whether adults became (or remained) overweight due to peer rejection during their childhood or whether they were rejected by peers due to their weight status at young age.
Identification of interrelationships among conceptually related items was not done on the whole dataset due to the sparsity of the data. However, multivariate analyses performed on the first 15 questions resulted in groupings of questions that supported our own intuitive groupings in Table 3 . For example, questions related to home environment naturally grouped together, but several questions also remained outside any of the factors. This suggests that although overarching themes were provided by the crowd through several interrelated questions, they also came up with independent concepts that might affect BMI. However, caution is warranted in interpreting these findings as they are based on only 27% of all questions. For a more comprehensive analysis (e.g., with more factors), improvement of crowdsourcing methodology is needed to ensure that most of the participants respond to all of the questions.
Crowdsourcing: Involving the Citizen Scientist
The study demonstrated that crowdsourcing can be used to discover additional insights into obesity by taking advantage of the collective intuition and experience of the crowd, and is moreover a rapid method for collecting responses: experiment design, website deployment and data collection occurred in less than three weeks. In addition, crowdsourcing may have beneficial consequences for those who choose to participate: for example, showing participants which questions correlate with obesity could lead them to improve their parenting strategies, and get them involved in other citizen science initiatives to improve public health. Citizen science usually refers to engaging the public in large-scale data collection projects [51] , which can be empowering and educational, and even motivate people to change their behaviors. The approach described here and in Bongard et al., [8] goes further by attempting to motivate subjects to couple their innate problem solving abilities with their own experiences with obesity. Another example of citizen science is the Quantified Self (http:// quantifiedself.com), in which individual experimenters come up with novel ideas and hypotheses about factors influencing their health and behaviors [7] . Our approach however allows a group of participants to collectively discover determinants of healthy weight through indirect collaboration.
It is notable that only 7% of the participants in this study posed new questions. It would be interesting to examine what kind of people are the most enthusiastic and insightful citizen scientists in the context of obesity. One method of surveying participants' motivations is described in [52] , although the research domain is Step
Considerations and relevant research
Define the purpose of research
Define the outcome variable of interest Success will depend on the ease with which participants can obtain accurate data for the outcome [8] .
very different (engaging volunteers to classify galaxies). In further studies, the rationale for posed questions could be investigated by asking participants why they thought to ask that specific question. Some of the possible sources for ideas and hypotheses include personal experience, someone else's experience, research, other literature, something that the person has seen or heard, just trying to think`outside the box', or, perhaps most importantly, because of what other questions they saw on the site. This last motivator may help us to understand how certain questions, although not correlated with the health outcome of interest, nevertheless trigger another user to pose one that does correlate.
Crowdsourcing to generate research hypotheses and to screen obesogenic behaviors and factors is a relatively new approach. Hence, future studies would benefit from a checklist of questions to consider when setting up a crowdsourcing study. Table 5 lines out a stepwise process for crowdsourcing from a social scientist's perspective based on the lessons learned in this study and insights from related research.
Limitations and Future Research
Considerations need to be made when interpreting the findings of the present study. First, as new questions could be created throughout the crowdsourcing process, it was inevitable that not all participants answered each question. The first six questions gathered over 400 answers, whereas the last questions collected less than 100 answers. Due to the abundance of missing values, many questions were not able to be included in the multivariate analyses. Therefore, it was not possible to perform in-depth analysis to determine underlying and interrelated constructs. Future studies could greatly benefit from using an incentive which would motivate people to return to the site. This incentive would not necessarily need to be monetary; for some participants, intrinsic motivation to benefit science could be enough [7] ; for others, an enjoyable game-like experience could be attractive [8, 53] . In addition, participants could be sent a reminder to return to the website after a few days.
Second, an appropriate sample size for analyses is difficult to calculate because the survey was voluntary and, moreover, we could not predetermine how many questions and answers the crowd would generate. As this study was exploratory in nature, we set a fixed time period of two weeks beforehand to find out how many participants we could attract in such a timeframe. The sample size we ended up with is comparable to prior crowdsourcing studies [8, 39] as 556 people participated in our survey within two weeks. An alternative approach in future research is to determine a target sample size beforehand and recruit until this sample size is reached.
Third, this was a retrospective study with self-reported responses about childhood experiences based on people's recall. Therefore it is not possible to determine how the markers contributed to the development of people's current BMI, and which adult behaviors and experiences might have caused weight changes. Furthermore, demographic variables were not controlled for in our study, and thus the validity of the findings in comparison to prior studies remains uncertain. Future studies should take demographic variables into account.
Fourth, the participants were recruited from online groups related to dieting and their BMIs might not have been stable. In addition, a sampling bias resulted from using these specific target groups. However, it is unknown whether dieters would pose different determinants for obesity than non-dieters. Therefore, this could have influenced the results in unknown ways; for example, certain associations between determinants and obesity may not have been captured because participants who answered those questions might have lost significant amount of weight already. Nevertheless, when it comes to weight loss or weight gain, nearly everyone has experience and is an expert. People who are interested in weight loss may have many diverse ideas regarding what may have led, personally, to weight gain or weight loss in their life; thus, they can be considered lay scientists in this field. The current study should be replicated, for example among a nondieting sample, and participants should be asked about their highest lifetime weight to control for adulthood weight loss. Moreover, since participation was anonymous and non-incentivized, it is difficult to determine if responses were truthful or not. Some participants might have tried the system with different BMIs and varying answers just to see what would happen.
Fifth, the generalizability of the current findings may be limited. As the majority of participants were females in their late twenties, it is difficult to assess how the BMIs of males or seniors are influenced by the determinants. It would be interesting to investigate gender differences or whether there are differences between certain decades, for example concerning the impact of parenting styles. Nevertheless, crowdsourcing makes it relatively easy to assess determinants of behavior in subgroups which makes it a potentially beneficial approach to inform tailored interventions for specific target groups.
Conclusions
This paper was one of the first to present crowdsourcing as a potential screening tool to evaluate whether the general public could suggest early predictors that are associated with obesity development. Findings show that participants were able to discover determinants that have been investigated by professionals. Most importantly, participants were able to highlight less welldocumented topics which might need more attention in future research. However, some of the well-documented determinants from prior research were not found to be significantly associated with BMI in this study. These two observations highlight both the potential and the limitations of crowdsourcing. By engaging the general public in behavioral research, the crowdsourcing approach enables non-experts to proactively contribute insight to the research. However, because it is difficult to carefully control the quality of the questions submitted or the demographics of the participants, as would be the case with a more controlled study, this approach is most likely only a complement to, rather than a replacement for, conventional research methods. We suggest that insight generated from the crowdsourcing process can subsequently be used to develop new hypotheses, which could be tested in larger, more controlled longitudinal studies. The potential new predictors discovered in this research were largely related to parenting styles and family environment. It would be worth investigating how parents could be taught to educate their children about food in a supportive manner as this 'positive' nutritional attitude might have an impact on their children's eating habits and BMI later on in life. Looking at the general family lifestyle may provide broader explanations for the findings of this study. Given that engaging in outdoor activities with family, hours of sleep, and dietary patterns also emerged as significant correlates of BMI, healthy lifestyle during childhood in general is likely to be associated to a lower BMI later on. Habits learned and initiated in childhood tend to be continued in adult life, and therefore a stronger focus should be put on families as a supportive environment for establishing healthy habits [54] .
This study also suggests several avenues for improving the crowdsourcing methodology. During this study, it became clear that the simple linear regression model used was not capturing all of the explainable variance in the BMI data. Future work will look at other ways to autonomously build models that better predict the outcome of interest. Better models will make it possible to give better feedback to participants about which questions impact predicted BMI (or other outcomes of interest). Experience with the crowdsourcing approach suggests that this feedback between the website and participants is an important motivator for participation. In future work we will study other ways to motivate participation, particularly ways to encourage participants to return to the site after their initial participation, or ways to find participants from more varied backgrounds.
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